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Abstract
Background: As orthologous proteins are expected to retain function more often than other homologs, they are
often used for functional annotation transfer between species. However, ortholog identification methods do not
take into account changes in domain architecture, which are likely to modify a protein’s function. By domain
architecture we refer to the sequential arrangement of domains along a protein sequence.
To assess the level of domain architecture conservation among orthologs, we carried out a large-scale study of
such events between human and 40 other species spanning the entire evolutionary range. We designed a score to
measure domain architecture similarity and used it to analyze differences in domain architecture conservation
between orthologs and paralogs relative to the conservation of primary sequence. We also statistically
characterized the extents of different types of domain swapping events across pairs of orthologs and paralogs.
Results: The analysis shows that orthologs exhibit greater domain architecture conservation than paralogous
homologs, even when differences in average sequence divergence are compensated for, for homologs that have
diverged beyond a certain threshold. We interpret this as an indication of a stronger selective pressure on
orthologs than paralogs to retain the domain architecture required for the proteins to perform a specific function.
In general, orthologs as well as the closest paralogous homologs have very similar domain architectures, even at
large evolutionary separation.
The most common domain architecture changes observed in both ortholog and paralog pairs involved insertion/
deletion of new domains, while domain shuffling and segment duplication/deletion were very infrequent.
Conclusions: On the whole, our results support the hypothesis that function conservation between orthologs
demands higher domain architecture conservation than other types of homologs, relative to primary sequence
conservation. This supports the notion that orthologs are functionally more similar than other types of homologs
at the same evolutionary distance.
Background
Genes are homologous if they share a common evolu-
tionary origin. Homologous genes in different species
are defined as orthologs if they descend from a single
gene in the last common ancestor [1], and outparalogs,
if they diverged via duplication before this ancestor. For
two orthologous genes, if either has duplicated since the
speciation event that separated them, the resulting
copies in one species will all be inparalogs with respect
to each other, and co-orthologs to the corresponding
gene(s) in the other species. All the genes in two species
w h i c hd e s c e n df r o mas i n g l eg e n ei nt h el a s tc o m m o n
ancestor of those species form a set of genes called an
ortholog cluster or group [2,3].
The more genomes are sequenced, the more impor-
tant orthology identification becomes. This is because
orthologs often have the same or closely related func-
tions in the extant species and therefore can be used for
the transfer of functional information. For example, the
functions of human genes can be identified by studying
their orthologs in other organisms. Likewise, transfer of
functional information between orthologs is important
for annotation of newly sequenced genomes [4,5]. How-
ever, while there is significant evidence that orthologous
proteins generally have similar functions [4,6], the
assumption that orthologs are functionally more con-
served than other homologs at the same separation has
not been systematically evaluated [7].
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typically made of independently folding subsequences
that can be found in different arrangements in different
proteins. The Pfam database [8,9] contains assignments
of domains to the proteins in the major protein data-
bases. These Pfam-A domains are made using Hidden
Markov Models (HMMs) trained on manually curated
seed sets of biologically relevant protein domains. We
define a domain architecture as the sequential arrange-
ment of Pfam-A domains along a protein sequence, in
N- to C-terminal order.
Proteins evolve by point mutations, insertions, and
deletions. The latter two can occur locally, involving a
few residues, or affect one or more entire domains
[10-13]. Domain-level mutations often occur through
gene fusion events or because new stop codons truncate
or split genes. One expects domain-level mutations to
be more common towards protein termini because these
are less buried and therefore more replaceable than
domains towards the middle. Such a bias towards archi-
tecture changes at the termini rather than in the middle
has indeed been observed in several studies [12,13]. It
should, however, be noted that the frequency of term-
inal domain architecture change events could be overes-
timated in some datasets, because the risk of error
occurring in gene detection is higher by the edges of
proteins. Furthermore, it has been shown that the func-
tion of a protein can be affected by changes in its
domain architecture [14], or predicted from its domain
content [15-17].
Previous work suggests that orthologs tend to have the
same domain architecture. Lin et al. [18] investigated
the degree to which Pfam domain architectures are con-
served within KOG [19] ortholog clusters and found
that 81% of all domain architectures were found in a
single KOG only, and that 65% of all KOGs included no
more than one distinct domain architecture. It is thus
clear that orthologs tend to have the same domain
architecture. But are they more similar in this regard
than paralogs at the same degree of evolutionary separa-
tion? Orthologs are generally expected to experience
stronger evolutionary pressure to maintain the same
function than paralogs. If the functional roles shared by
orthologs are filled by means of the proteins possessing
a specific domain architecture - that is, if domain archi-
tecture is an important vehicle of protein function -
then we should see this greater pressure expressed
through higher conservation of domain architecture. If
orthologs have relatively more conserved domain archi-
tectures than paralogs at the same evolutionary distance,
such conservation may also be useful to distinguish
between the two relationships for specific proteins. To
test the above hypothesis, we compared the degree of
domain architecture conservation between pairs of
orthologous and paralogous proteins relative to their
evolutionary divergence.
Various measures of domain conservation have been
suggested [10,18,20]. Lin et al [18] introduced a compo-
site metric for architecture similarity with separate con-
tributions from domain content and domain order. The
parameters of this metric were optimized for resolving
homologs versus non-homologs. Because of this, it is
relatively complex and less ideal for applications where
the primary purpose is to compare domain architectures
for its own sake, rather than as an indicator of homol-
ogy. The edit distance based method of Björklund et al
[10] is more straightforward for this purpose, but it is a
distance measure rather than a similarity measure, and
also not independent of the number of domains in a
protein. Because of these limitations, we constructed a
metric using an edit distance-based framework similar
to that of Björklund et al [10], but inverted and nor-
malized to produce a similarity measure, with some
additional steps taken to handle phenomena such as
variable-length repeat/motif domain stretches.
In the present paper, pairs of orthologs from InPara-
noid [21] were compared to pairs of outparalogs and
inparalogs with regards to domain architecture conser-
vation, relative to the conservation of primary sequence.
The human proteome and the proteome of 40 other
species spanning the entire range of evolutionary dis-
tances, were considered. For each species comparison,
pairs of orthologous and and non-orthologous proteins
were generated. Where differences in domain architec-
ture were found, the domain swapping events that best
explained each case were inferred. We also reassessed
previous findings that domain change events are more
common at the ends of proteins than in the middle. To
explore domain architecture conservation among co-
orthologs where gene duplication has occurred following
the divergence of the two species, we also performed the
same analysis for pairs of inparalogs and outparalogs.
This large-scale study provides solid conclusions about
the effect that orthology has on domain architecture
conservation.
Methods
Species and sequences
Proteomes were downloaded for all the species in ver-
sion 6.0 of the InParanoid database http://InParanoid.
sbc.su.se[22]. These are nonredundant in the sense of
containing only the longest protein sequence for each
gene, regardless of the existence of alternate spliceforms.
Additionally, proteomes for the bacteria Mycobacterium
tuberculosis and Mycobacterium leprae as well as for the
archaea Aeropyrum pernix, Methanococcus acetivorans,
Pyrobaculum aerophilum and Sulfolobus acidocaldarius
were downloaded from the COGENT database [23].
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ary 6, 2008, respectively, and the proteomes, being pro-
karyotic and hence lacking a splicing machinery, were
assumed to be non-redundant. Protein domain architec-
tures were assigned under version 23.0 of Pfam [9].
Additional file 1, Table S1 shows the full selection of
species, as well as the number of clusters and proteins
that were included in each species analysis.
Construction of ortholog clusters
Version 4.0 of the InParanoid algorithm was used to
generate ortholog clusters for the set of species
included. Ortholog and inparalog pairs were defined as
pairs of proteins that are part of the same cluster in the
same or different species, respectively. Such clusters are
generated by scoring each inparalog to the seed ortho-
log, but not to each other. The missing inparalog-inpar-
alog scores therefore had to be generated. For 547 out
of 3497058 (0.016%) protein pairs considered, BLAST
failed to align and score an inparalog pair in one or
both directions; these pairs were excluded from the
analysis.
Identification of closest outparalogs
For all ortholog clusters in each species comparison
made in this study, we identified the closest outparalo-
g o u sp r o t e i n si nt h es a m ea n dt h eo t h e rs p e c i e s .T h e
former was defined as the sequence for which the
BLAST bit score was highest out of all sequences in the
same species that were not in the same ortholog cluster
as A. The latter was defined similarly as the highest-
scoring of all sequences from the other species that fall
outside the ortholog cluster. The BLAST files generated
when running InParanoid were used for the pairwise
sequence scores. InParanoid default parameters were
used: a score cut-off of 40 bits, an overlap cut-off of
50%, and a segment cut-off of 25%. If no significant
matches remained after the removal of sequences clus-
tered in the same cluster, the sequence was considered
to lack a closest outparalog in that comparison.
Pfam domain architectures
In this work, the term “domain architecture” (sometimes
referred to as domain arrangement or domain order)
specifically means the sequential arrangement of known
Pfam-A domains along a protein, in N- to C-terminal
order. Pfam-A protein domain architectures were deter-
mined using the HMMER [24] software under version
23.0 of Pfam. Where proteins contained several conse-
cutive domains of type Motif or Repeat, these were col-
lapsed into a single pseudo-domain, following the
approach used previously [25]. Differences in repeat
number of this type are considered evolutionarily and
functionally less relevant because of how easily the
number of repeats change relative to other domain
architecture changes. Stretches of consecutive Pfam-A
domains of type Family or Domain were retained with-
out collapsing. Pfam domains belonging to the same
clan were considered equivalent with regards to the
degree of domain architecture conservation. The analy-
sis was limited to proteins with at least one Pfam-A
domain assigned.
Domain architecture comparisons
Domain architectures were compared by using pairwise
domain architecture alignments. Four different protein
pair categories were analyzed. Ortholog-ortholog (O)
pairs are comparisons of proteins, one from each spe-
cies, which are part of the same cluster. Inparalog-inpar-
alog (iP) pairs are comparisons of proteins from the
same species that are part of the same cluster. Closest
cross-species outparalog (oPx) pairs are comparisons of
proteins, one from each species, where one of the pro-
teins is part of a given orthology cluster, and the other
is the closest protein in that species which is not part of
the cluster. Closest same-species outparalog (oPs) pairs
are comparisons of proteins from the same species, one
of them part of a given cluster, and the other the closest
same-species protein which is not part of the cluster.
Pairwise domain architecture alignment creation
We used a variant of the Needleman-Wunsch algorithm
[26] to align the Pfam-A domain architectures of pro-
teins. A domain match was given a score of 0, a gap
was given a score of 3, and a mismatch was assigned a
score of 10. The high mismatch score was used to avoid
aligning different domains with each other; that is, there
is no biological reason for this specific choice of scores.
Affine gap penalties were not used.
Scoring of domain architecture alignments
For each alignment, a Domain Architecture similarity
score (DA-score) was computed. This is based on the
DCS (Domain Content Similarity) score described by
Song et al [20] and adapted to take domain numbers
and positions into account. The DA-score is defined as
follows:
DA − score(p1,p2)=
a12
(n1 + n2) (1)
where n1 is the number of domains in protein p1,n 2 is
the number of domains in protein p2 and a12 is the
number of domains in p1 and p2 which are aligned
against an identical domain or a domain from the same
Pfam clan. Another way of scoring domain architecture
similarity in this framework would have been to use the
Needleman-Wunsch score of the optimal alignment. We
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on the result of the scoring scheme parameters would
be larger, meaning that the already difficult problem of
finding a biologically sensible scoring scheme would
become more acute. Assuming that our present scheme
produces sensible alignments, the above score is insensi-
tive to our choice of scoring scheme parameters.
Second, the DA-score as defined above has the
useful property that it ranges from 0 for proteins with
disjoint domain sets to 1 for proteins with identical
architectures.
A total DA-score representing all alignments and clus-
ters in a comparison was calculated. Some clusters are
large and therefore generate large numbers of align-
ments when all-versus-all ortholog or inparalog pair
comparisons are made. Averaging of scores for each
cluster was done to ensure equal weight for each cluster.
Total scores were calculated by averaging the mean
scores for all clusters. The final similarity scores are
therefore means of mean scores. Each protein pair will
contribute only once, with one exception: where two
proteins in different clusters are both each other’sc l o -
sest non-clustermate homolog, that pair will contribute
to the mean score of both clusters.
Protein sequence divergence
Sequence identity across all pairs of proteins was com-
puted by aligning the two proteins against each other
using version 2.04 of KALIGN [27], with default set-
tings. The sequence identity was taken as the ratio of
identical residues to aligned residues, and the p-distance
d equivalently becomes the ratio of residue differences
to aligned residues. For the analysis of the sequence
divergence dependence of the DA-score, the p-distances
were converted into evolutionary distances using the
Jukes-Cantor correction for amino acid sequences [28],
dJC = −

19
20

ln

1 −
20
19
d

. (2)
Annotation of pairwise domain architecture alignments
All alignments that were not classified as identical or
wholly dissimilar were annotated further. All differences
between the aligned domain architectures were anno-
tated as repetition differences, insertions/deletions of
new domains, insertions/deletions of existing domains,
segment duplications/deletions or domain shufflings. An
unaligned domain could not have more than one anno-
tation and all unaligned domains were given one of the
five different annotations. Figure 1 shows situations
where the five different annotations are used. As pre-
viously stated, all domains belonging to the same Pfam
clan were considered identical.
A segment duplication/deletion (the two cases cannot
be distinguished between in the context of this method)
is defined as an unaligned segment of domains that is
placed next to an identical aligned segment. A segment
must be at least two domains long and must consist of
domains of at least two different types. The unaligned
segment can be longer than the aligned segment, but
must then consist of repeats of the aligned segment.
Assigning domain swapping event classes to protein
pairs in order to explain their architectural differences
was done by testing for the different events 1-5, in that
order of priority (see Figure 1). There is thus an implicit
precedence order when multiple possible events could
explain the differences. The precedence order chosen
here, while ad hoc, was considered to be reasonable
with regards to how difficult each type of event might
be for evolution to accomplish. In particular, changes in
domain content were considered more uncommon than
mere changes in order.
Classifying the position of a domain architecture change
event
For two aligned architectures, a difference between
them, which was considered an architecture change
event, was classified as being in the middle of the pro-
tein if there were aligned (unchanged) domains both N-
terminal and C-terminal to it. If there were aligned
domains only N-terminal to the change event, it was
classified as a C-terminal change, and if there were
aligned domains only C-terminal to the change event, it
was classified as an N-terminal change.
Normalization by cluster size
The sizes of ortholog clusters vary extensively, either
due to lineage-specific expansion of gene families or
because of multiple splice forms sometimes being
included. This variation could potentially bias the analy-
sis in favor of a subset of proteins, particularly for analy-
sis of inparalog-inparalog pairs. Consequently, in the
analyses that involved averaging over clusters, as well as
in the analysis of the positional bias of architecture
changes, we computed the average similarity of the pairs
formed by each cluster, then the average similarity of
these scores across all clusters.
Binning analysis
The protein pairs from each category were divided up
into bins based on Jukes-Cantor corrected amino acid
distance. The thresholds for each bin were selected indi-
vidually for each comparison of two pair types using the
following procedure. Pairs in each category were sorted
on the binning variable, and, separately for each cate-
gory, divided into N consecutive bins containing an
equal number of points. The binning variable thresholds
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the two categories. Sometimes, this left certain bins with
too few protein pairs in either category. Because of this,
bin sizes were iteratively refined. First, the bin and cate-
gory that contained the smallest number of pairs was
identified. Each bin has a lower and upper threshold
(one in the case of the edge bins). The distance these
thresholds must shift to make the number of pairs of
this category in the bin the same as in the neighbor bins
was estimated, approximating each bin as having uni-
form pair density. If performing this shift in bin thresh-
olds increased the size of the then-smallest bin ×
category combination, the change was accepted and
another iteration started. If it was rejected, or if the
smallest bin and category contained at least one percent
of the total number of pairs in the dataset as a whole,
the bin threshold set as a whole was accepted and the
iteration procedure stopped. In some rare cases when
dividing into N = 100 bins, this algorithm may yield a
bin for which one category contains no points. In this
case, no analysis is performed for that particular bin.
Statistical significance tests
To test whether pairs from two categories (such as O vs
oPx) differed significantly with respect to mean DA-
score within a bin, we performed a randomized permu-
tation test [29]. The protein pairs from both categories
were pooled, and new sets of protein pairs, equal in size
to the two categories, were drawn from this pool. This
process was repeated 1000 times, and the number of
times that the difference in mean between the two
sampled sets was at least as large as that between the
two categories in the original dataset was tallied. The
frequency with which that occurred then corresponds to
the P-value for the null hypothesis, that the two cate-
gories would stem from a common distribution. Within
each experiment, these raw P-values were corrected for
multiple tests (across the bins) using Bonferroni [30]
correction. The categories were thus considered to be
significantly different if the raw P-values were below
0.05/N, where N is the number of bins.
Significance test for protein pair difference categories
To test whether the two homology types (orthology and
paralogy) differed with regards to how common the dif-
ferent domain architecture similarity classes and domain
swapping event types were, we performed a variant of
Pearson’s c
2 test [31]. For each species comparison, the
number of pairs falling into each category was tabulated
(as columns, with the different classes/event types repre-
sented as rows). The c
2 statistic was computed using a
custom Perl script (available by request) for the good-
ness-of-fit relative to a distribution of points across dif-
ference or architecture change categories estimated
from both pair types together. The resulting statistic
was then compared to a c
2 table of the respective
Figure 1 Annotations of domain swapping events. Aligned domains are shaded in light gray while unaligned domains are shaded in dark
gray. All cases of unaligned domains are given one of five annotations. 1) Segment duplication/deletion. A segment of two or more domains
were duplicated adjacently, or was lost. 2) Repetition difference. The first protein has one more B domain than the other protein. Since the
unaligned domain is located next to an aligned domain of the same type, the unaligned domain is annotated as a repetition difference. 3)
Insertion/deletion of a new domain. The first protein has two unaligned B domains. Both of these domains will be annotated as insertion/
deletion of a new domain, since the other protein lacks domains of that type. 4) Insertion/deletion of an existing domain. The first protein has
two unaligned A domains. Since the other protein has a domain of that type, the unaligned domains in the first protein will be annotated as
insertion/deletion of an existing domain. 5) Domain shuffling. Both proteins have unaligned B domains. None of these domains occurs next to
an aligned B domain and therefore they cannot be annotated as repetition differences. These domains will instead be annotated as exhibiting
domain shuffling.
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M rows and N columns).
The c
2 is not recommended if any cell has an
expected count lower than 5. Because of this, the differ-
ence category NotSame and the architecture change
categories domain shuffling and segment duplication/
deletion were excluded from the respective analyses,
making f = 2 in both cases. Even so, in the architecture
change comparison, expected counts went below 5 for
the prokaryote comparisons, meaning that the test can-
not be considered reliable for those species.
Results
Characterizing protein pair types
We computed the levels of domain architecture and pri-
mary sequence conservation for pairs of orthologous
proteins, and compared these with corresponding figures
for paralogous proteins at the same evolutionary diver-
gence. We considered sets of ortholog clusters as
defined by InParanoid, between Homo sapiens and 40
other species. From these clusters, we extracted protein
pairs falling into four types depending on their orthol-
o g ys t a t u s .S e eF i g u r e2f o ra ni l l u s t r a t i o no fh o wt h e
orthology status of a protein is defined. Ortholog (O)
pairs contain one protein from Homo sapiens and one
orthologous protein from another species. Inparalog (iP)
pairs are pairs of proteins within either Homo sapiens or
another species, which are part of the same ortholog
cluster, and which thus have arisen through a gene
duplication following the divergence of the two species.
Outparalog pairs of two types were considered: Closest
cross-species (oPx) and same-species (oPs) outparalogs.
The former pairs consist of a protein from one species
and the protein in the other species to which it is the
most similar outside of the ortholog cluster. The latter,
analogously, consist of a protein in one species and the
most similar protein in the same species outside the
cluster.
We would expect function to be more often conserved
in O pairs than in other pair types because in other pair
types, gene duplications would have relaxed pressure on
one of the copies to retain the ancestral function. We
further subdivided the O pair category into pairs from
clusters with only a single member in each species (1-1
orthologs), and pairs where gene duplication has
occurred in either species. In the non-duplicated case,
function conservation should be more frequent than in
the case with duplication, as the latter offers more
opportunity for undergoing and retaining functional
shifts (neo- [32] or subfunctionalization [33]).
Absolute domain architecture conservation
We developed a method to score the degree of domain
architecture conservation between two proteins, called
the DA-score. This extends the DCS score of Song et al
[20] by not only considering the domain content but
also the actual alignment of domains (See Methods).
This way the domain order is taken into account. In
this, it is similar to the domain architecture distance
used by Björklund et al [10], but inverted and normal-
ized to form an actual similarity measure. As previously
stated, while the method of Lin et al [18] also provides a
similarity measure for domain architectures, it is less
straightforward and optimized for detecting homology
rather than for describing the degree of architectural dif-
ferences between proteins.
To avoid biasing the results towards large clusters we
calculated the average score for all protein pairs of a
given pair category in each cluster first, and then
S
A1 B1
Seed ortholog species A
Seed ortholog species B
Score seed orthologs
A1
B1
S
Inparalogs species A
Inparalogs species B
Outparalogs species A
Outparalogs species B
Figure 2 Illustration of orthology definitions. Species Aa n dB
are compared. Proteins A1 and B1 are each others’ closest cross-
species homologs and are considered seed orthologs. Other
proteins in A and B are inferred to have descended from the same
ancestral gene (and thus be inparalogs) if they are closer to the
seed orthologs (inside the circles) than the seed orthologs are to
each other. If this is not the case (proteins outside the circles), then
they are inferred to be outparalogs. Two inparalogs in the same
species (any two black circles or squares, respectively) form an
inparalog-inparalog (iP) pair. Any cross-species pair of cluster
members (any black circle vs any black square) form an ortholog-
ortholog (O) pair. For all cluster members, the pair formed with the
closest same-species protein outside the cluster (black square and
closest white square, black circle and closest white circle) form an
ortholog-closest same-species outparalog (oPs) pair. Likewise for all
cluster members, the pair formed with the closest cross-species
protein outside the cluster (black square and closest white circle,
black circle and closest white square) form an ortholog-closest
cross-species outparalog (oPx) pair.
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each category. This is equivalent to normalizing by clus-
ter size, which makes sense as an approach to avoid
biasing the results in favor of trends exhibited by only a
few large clusters. As our analysis is pairwise, the pre-
sence of a small number of large clusters, either artifacts
or consequences of intensive gene duplication within
some gene families, could lead to a relatively small num-
ber of genes completely dominating the results of the
analysis. This might hide general trends, as well as bias
the analysis unfairly towards certain gene functions or
families.
Figure 3A shows the domain architecture conservation
for comparisons between Homo sapiens and successively
more distant species (as defined by the NCBI Taxon-
omy) for the different pair types. Inparalog pairs, having
diverged later than any of the other pair types, are in all
cases the most conserved, and this difference becomes
more pronounced the further back the speciation event
happened. The graph shows a gradual drop in similarity
across all pair types, except a striking jump for outpara-
log pairs at the vertebrate/invertebrate border. The
point of this accelerated outparalog divergence supports
t h et h e o r yo fw h o l e - g e n o m ed u p l i c a t i o n sa tt h ev e r t e -
brate root [34].
As seen in Figure 3A, increasing evolutionary distance is
related to an increase in architectural differences, although
there is a type of plateau behavior since sequences cannot
grow too different and still be recognized as homologs. It
is noticeable that outparalog pairs to exhibit higher
domain architecture conservation in prokaryotes than in
plants. Possibly this is a consequence of prokaryotic pro-
teins in general having fewer domains [35].
The analysis was also done for orthologs split into 1-1
orthologs and duplicated orthologs, as shown in Figure
4A. As expected, 1-1 orthologs have more conserved
domain architecture. Supplementary Table 2 shows the
fraction of these two pair types that have identical
domain architectures. Notably, for 1-1 ortholog pairs,
the fraction of pairs with identical architectures is on
average 11.2% higher than for duplicated orthologs.
Figure 3B shows the mean sequence divergence for
the same species comparisons. As a measurement of
sequence divergence, we calculated the evolutionary dis-
tance as expected number of amino acid substitutions
per position between each pair of proteins. Again, inpar-
alog pairs were most similar, followed by ortholog pairs
and paralogs. However, here the ortholog and paralog
curves came much closer to each other in the more dis-
tant species. In other words, sequence divergence does
not strongly distinguish orthologs from other homologs
at high evolutionary distance. A clear jump also in
sequence divergence is seen at the vertebrate/inverte-
brate border.
Figure 4B shows the mean sequence divergence for
duplicated orthologs relative to 1-1 orthologs. For all
species comparisons, the duplicated orthologs had on
average diverged more than 1-1 orthologs. Interestingly,
this gap is considerably wider for most vertebrates than
for non-vertebrates. This may again be a consequence of
large-scale neofunctionalization following whole-genome
duplications at the root of the vertebrate lineage [34].
The fact that the gap is not larger for more distant ver-
tebrates is harder to explain in this manner, and may
instead hint at a generally higher degree of neofunctio-
nalization following gene duplication within vertebrates.
While the overall trends in Figures 3, 4 are clear,
neither the DA-score nor the sequence divergence
c h a n g e sp e r f e c t l ys m o o t h l ya sw em o v et om o r ed i s t a n t
species comparisons. This is to be expected for several
reasons. The NCBI taxonomy is not perfect, and species
that all share the same last common ancestor with
human cannot be internally ranked. Furthermore, evolu-
tionary rates may vary between lineages, so that distance
and branching order in a rooted topology will not
always correspond perfectly.
Domain architecture conservation relative to primary
sequence conservation
Given that InParanoid assigns orthology status using
relative BLAST [36] scores, it is not surprising that
orthologs on average should exhibit lower sequence
divergence than paralogs.
We therefore analysed how DA-score is affected by
sequence divergence, and whether this effect is the same
for protein pairs of different orthology status. Data from
all species comparisons were pooled, and the clusters
were divided into bins based on average sequence diver-
gence for each pair type. This can be seen as way to
normalize the DA-score with sequence divergence, to
determine whether there are differences between ortho-
logs and non-orthologs with respect to how well archi-
tecture is conserved as primary sequence diverges.
Average DA-score was first calculated for all pair types
within each cluster, and then these values were averaged
across all clusters. The first step was done to avoid bias-
ing the results towards large clusters.
Are differences between categories significant in a bin
analysis of this type? Sparsely populated bins might
yield spuriously large differences between the mean
values for the two categories just by chance. To avoid
this we performed a randomization test for a significant
(Bonferroni corrected p < 0.05) difference between the
category means within each bin.
Figure 5A compares the mean DA-scores of ortholog
pairs and cross-species outparalog pairs at different
levels of sequence divergence. For sequence divergences
higher than ca 0.5 expected substitutions per site, we
Forslund et al. BMC Bioinformatics 2011, 12:326
http://www.biomedcentral.com/1471-2105/12/326
Page 7 of 14P
a
n
 
t
r
o
g
l
o
d
y
t
e
s
M
a
c
a
c
a
 
m
u
l
a
t
t
a
M
u
s
 
m
u
s
c
u
l
u
s
R
a
t
t
u
s
 
n
o
r
v
e
g
i
c
u
s
C
a
n
i
s
 
f
a
m
i
l
i
a
r
i
s
B
o
s
 
t
a
u
r
u
s
M
o
n
o
d
e
l
p
h
i
s
 
d
o
m
e
s
t
i
c
a
G
a
l
l
u
s
 
g
a
l
l
u
s
X
e
n
o
p
u
s
 
t
r
o
p
i
c
a
l
i
s
D
a
n
i
o
 
r
e
r
i
o
G
a
s
t
e
r
o
s
t
e
u
s
 
a
c
u
l
e
a
t
u
s
F
u
g
u
 
r
u
b
r
i
p
e
s
T
e
t
r
a
o
d
o
n
 
n
i
g
r
o
v
i
r
i
d
i
s
C
i
o
n
a
 
i
n
t
e
s
t
i
n
a
l
i
s
A
p
i
s
 
m
e
l
l
i
f
e
r
a
A
n
o
p
h
e
l
e
s
 
g
a
m
b
i
a
e
A
e
d
e
s
 
a
e
g
y
p
t
i
D
r
o
s
o
p
h
i
l
a
 
m
e
l
a
n
o
g
a
s
t
e
r
D
r
o
s
o
p
h
i
l
a
 
p
s
e
u
d
o
o
b
s
c
u
r
a
C
a
e
n
o
r
h
a
b
d
i
t
i
s
 
e
l
e
g
a
n
s
C
a
e
n
o
r
h
a
b
d
i
t
i
s
 
b
r
i
g
g
s
a
e
C
a
e
n
o
r
h
a
b
d
i
t
i
s
 
r
e
m
a
n
e
i
C
r
y
p
t
o
c
o
c
c
u
s
 
n
e
o
f
o
r
m
a
n
s
S
c
h
i
z
o
s
a
c
c
h
a
r
o
m
y
c
e
s
 
p
o
m
b
e
C
a
n
d
i
d
a
 
g
l
a
b
r
a
t
a
Y
a
r
r
o
w
i
a
 
l
i
p
o
l
y
t
i
c
a
K
l
u
y
v
e
r
o
m
y
c
e
s
 
l
a
c
t
i
s
D
e
b
a
r
y
o
m
y
c
e
s
 
h
a
n
s
e
n
i
i
S
a
c
c
h
a
r
o
m
y
c
e
s
 
c
e
r
e
v
i
s
i
a
e
D
i
c
t
y
o
s
t
e
l
i
u
m
 
d
i
s
c
o
i
d
e
u
m
E
n
t
a
m
o
e
b
a
 
h
i
s
t
o
l
y
t
i
c
a
A
r
a
b
i
d
o
p
s
i
s
 
t
h
a
l
i
a
n
a
O
r
y
z
a
 
s
a
t
i
v
a
M
y
c
o
b
a
c
t
e
r
i
u
m
 
l
e
p
r
a
e
M
y
c
o
b
a
c
t
e
r
i
u
m
 
t
u
b
e
r
c
u
l
o
s
i
s
E
s
c
h
e
r
i
c
h
i
a
 
c
o
l
i
K
1
2
S
u
l
f
o
l
o
b
u
s
 
a
c
i
d
o
c
a
l
d
a
r
i
u
s
A
e
r
o
p
y
r
u
m
 
p
e
r
n
i
x
P
y
r
o
b
a
c
u
l
u
m
 
a
e
r
o
p
h
i
l
u
m
M
e
t
h
a
n
o
c
o
c
c
u
s
 
a
c
e
t
i
v
o
r
a
n
s 0,8
0,82
0,84
0,86
0,88
0,9
0,92
0,94
0,96
0,98
1
Ortholog pairs Ortholog-closest cross-
species outparalog pairs
Inparalog pairs Ortholog-closest same-
species outparalog pairs
D
A
-
s
c
o
r
e
P
a
n
t
r
o
g
lo
d
y
t
e
s
M
a
c
a
c
a
m
u
la
t
t
a
M
u
s
m
u
s
c
u
lu
s
R
a
t
t
u
s
n
o
r
v
e
g
ic
u
s
C
a
n
is
f
a
m
i
lia
r
is
B
o
s
t
a
u
r
u
s
M
o
n
o
d
e
lp
h
is
d
o
m
e
s
t
ic
a
G
a
ll
u
s
g
a
ll
u
s
X
e
n
o
p
u
s
t
r
o
p
ic
a
li
s
D
a
n
io
r
e
r
io
G
a
s
t
e
r
o
s
t
e
u
s
a
c
u
le
a
t
u
s
F
u
g
u
r
u
b
r
ip
e
s
T
e
t
r
a
o
d
o
n
n
ig
r
o
v
ir
id
is
C
i
o
n
a
in
t
e
s
t
in
a
l
is
A
p
is
m
e
ll
if
e
r
a
A
n
o
p
h
e
le
s
g
a
m
b
ia
e
A
e
d
e
s
a
e
g
y
p
t
i
D
r
o
s
o
p
h
il
a
m
e
la
n
o
g
a
s
t
e
r
D
r
o
s
o
p
h
ila
p
s
e
u
d
o
o
b
s
c
u
r
a
C
a
e
n
o
r
h
a
b
d
it
is
e
le
g
a
n
s
C
a
e
n
o
r
h
a
b
d
it
is
b
r
ig
g
s
a
e
C
a
e
n
o
r
h
a
b
d
it
is
r
e
m
a
n
e
i
C
r
y
p
t
o
c
o
c
c
u
s
n
e
o
f
o
r
m
a
n
s
S
c
h
iz
o
s
a
c
c
h
a
r
o
m
y
c
e
s
p
o
m
b
e
C
a
n
d
id
a
g
la
b
r
a
t
a
Y
a
r
r
o
w
i
a
lip
o
ly
t
ic
a
K
lu
y
v
e
r
o
m
y
c
e
s
la
c
t
is
D
e
b
a
r
y
o
m
y
c
e
s
h
a
n
s
e
n
ii
S
a
c
c
h
a
r
o
m
y
c
e
s
c
e
r
e
v
is
ia
e
D
ic
t
y
o
s
t
e
li
u
m
d
is
c
o
id
e
u
m
E
n
t
a
m
o
e
b
a
h
is
t
o
ly
t
ic
a
A
r
a
b
id
o
p
s
is
t
h
a
li
a
n
a
O
r
y
z
a
s
a
t
iv
a
M
e
t
h
a
n
o
c
o
c
c
u
s
a
c
e
t
iv
o
r
a
n
s
P
y
r
o
b
a
c
u
lu
m
a
e
r
o
p
h
il
u
m
A
e
r
o
p
y
r
u
m
p
e
r
n
ix
S
u
lf
o
lo
b
u
s
a
c
id
o
c
a
l
d
a
r
iu
s
E
s
c
h
e
r
ic
h
ia
c
o
li
K
1
2
M
y
c
o
b
a
c
t
e
r
iu
m
t
u
b
e
r
c
u
lo
s
i
s
M
y
c
o
b
a
c
t
e
r
iu
m
le
p
r
a
e 0
0.2
0.4
0.6
0.8
1
1.2
1.4
1.6
Ortholog pairs Ortholog-closest cross-species 
outparalog pairs
Inparalog pairs Ortholog-closest same-species 
outparalog pairs
s
e
q
u
e
n
c
e
d
iv
e
r
g
e
n
c
e
(
f
r
a
c
t
io
n
a
c
c
e
p
t
e
d
m
u
t
a
t
io
n
s
)
A
B
Figure 3 A. Absolute domain architecture conservation of ortholog and paralog pairs. The average DA-score for each pair type is shown
for comparisons between human and other species, sorted by their distance to human. Inparalog pairs have diverged after the speciation of the
two species and are therefore generally have the most conserved domain architecture. Ortholog pairs are considerably more conserved in
domain architecture than the outparalogs. B Sequence divergence of ortholog and paralog pairs. The average number of expected
substitutions per position for each protein pair type is shown for comparisons between human and other species, sorted by their distance to
human. The average divergence increases relatively smoothly at first within the vertebrates but a jump is seen at the vertebrate-invertebrate
border.
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Figure 4 A. Absolute domain architecture conservation of duplicated orthologs and 1-1 orthologs. The average DA-score for each
protein pair type is shown for comparisons between human and other species, sorted by their distance to human. Domain architecture is
clearly more conserved in clusters where no gene duplication has taken place. The scores for each pair type are first averaged within each
cluster so that each cluster contributes equally to the average scores regardless of size. B. Sequence divergence of duplicated orthologs and
1-1 orthologs. The average number of substitutions per position for each protein pair type is shown for comparisons between human and
other species, sorted by their distance to human. The greatest divergence between the pair types is seen for comparisons of human vs non-
primate vertebrates.
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Page 9 of 14observe that orthologs have significantly higher mean
DA-score, and that the difference increases with increas-
ing sequence divergence. For shorter distances, a signifi-
cant although very weak seemingly opposite trend can
be observed. As a control, Figure 5B is an equivalent
comparison of paralog versus paralog, here inparalog
pairs and same-species outparalog pairs. While some
bins with significantly different means exist in this com-
parison as well, they are much fewer, and there is no
visible separation between the categories. Figure 5C
compares ortholog pairs with inparalog pairs, and again
the ortholog pairs exhibit significantly higher mean DA-
score than the paralog pairs for most bins above about
0.7 expected substitutions per site. Supplementary
Tables 3A-C show the exact bin borders, number of
clusters in each bin, P-values, as well as mean sequence
divergence and DA-scores.
Conceivably, an analysis of this type may yield errors if
the categories have a significantly different distribution
of data points (clusters in this case) within each bin
with respect to the variable which is binned on. False
positive trends resulting from such conditions should
increase in proportion if bins are made broader, and
diminish or disappear if bins are made narrower. To
investigate this we repeated the analysis using 10, 20,
and 100 bins, which all showed the same trend (see
Additional file 2, Figure S1A-C, Additional file 3, Figure
S2A-C, and Additional file 4, Figure S3A-C). This indi-
cates that differences in sequence divergence distribu-
tion within individual bins cannot explain the significant
differences in DA-score we see between the categories.
These results, which appear to hold for ortholog and
paralog pairs above an evolutionary separation of about
0.5-0.7 expected substitutions per site, indicate that con-
servation of domain architecture and of primary amino
acid sequence are semi-independent properties, in the
sense that protein pairs at the same level of sequence
conservation will often vary predictably in architecture
conservation depending on their orthology status. We
interpret this as a higher relative conservation of func-
tion for orthologous protein pairs, which in turn confers
a higher relative conservation of domain architecture
than for other homologs. This in turn provides support
for the widespread assumption that the domain architec-
ture of a protein is informative with regards to its
function.
Comparison with previous work
As stated previously, Lin et al [18] investigated KOGs
[19] clusters and found that 81% of architectures in
their dataset belonged to a single KOG only, and that
65% of the KOGs in their dataset contained only a sin-
gle architecture. Additional file 1, Table S4 presents
equivalent results for InParanoid clusters in our dataset.
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Figure 5 A. Domain architecture conservation across all species
for pairs of orthologs and closest cross-species outparalogs.
DA-score is averaged within ranges (bins) of sequence divergence.
The scores for each pair category were first averaged within each
cluster so that each cluster contributes equally to the average
scores regardless of size. Ortholog pairs have greater domain
architecture conservation than outparalog pairs of equivalent
sequence divergence, at least when sequence divergence is high.
Error bars show the standard error of the means for each pair
category. The triangle markers indicate significant (Bonferroni
corrected p < 0.05) difference between the category means within
each bin. In these plots, the data was divided into 50 bins. B. The
equivalent analysis for pairs of inparalogs and same-species
outparalogs. Inparalog pairs in this context are proteins within the
same species (human or a model organism) that diverged after the
speciation event, whereas outparalog pairs are proteins within the
same species that diverged before the speciation event. Both types
of pairs are paralogs, and they behave similarly as sequence
divergence increases. C. The equivalent analysis for pairs of
orthologs and inparalogs. Just as seen in A, mean DA-score falls
significantly more quickly for paralogs than for orthologs as
sequence divergence increases.
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Page 10 of 14The overall trend across species appears to be similar.
However, using InParanoid clusters, slightly fewer archi-
tectures (75% on average) are found only in a single
cluster, and significantly more clusters (82% on average)
c o n t a i no n l yas i n g l ea r c h i tecture. The differences
between the study outcomes could stem either from our
approach using Pfam clans and collapsing repeat/motif
families, which was not used by Lin et al [18], or it
might reflect differences between KOGs and InParanoid
in that the former tends to merge clusters which are
distinct in the latter [37].
Degree of architectural similarity
In order to analyse the nature of architecture differences
between proteins, we defined four basic classes of
domain architecture similarity. Protein pairs with identi-
cal domain architectures belong to class Identical. Pro-
tein pairs with the same domain set but without all
domains perfectly aligned (that is, pairs having a differ-
ent order and possibly a different number of domains of
each type) belong to class SameContentNotAligned.
Protein pairs with overlapping but not identical domain
sets belong to class DiffContent, and protein pairs with
disjoint domain sets belong to class NoShared.
We compared how the ortholog (O) and cross-species
outparalog (oPx) pairs fell into these classes. The overall
trend across all species is shown in Figure 6A. O pairs
generally have more identical domain architectures (true
in 38 of 40 species) while oPx pairs more often have dif-
ferent domain content (true in 39 of 40 species). It is
worth noting that it is very rare for two proteins to have
the same domain content but not have identical domain
architecture (SameContentNotAligned). In fact, this is
substantially less frequent than having different domain
content. Apparently, when functional divergence is
allowed, this normally happens by also changing the
domain content rather than merely shuffling the existing
domains.
The numbers for individual species comparisons are
listed in Supplementary Table 5A. We did a statistical
test (c
2) to assess the whether the distribution across
the three classes Identical, SameContentNotAligned and
DiffContent (the number of pairs in the NotShared class
were often too small for the c
2 test to be suitable) was
significantly different between O and oPx pairs. For 34
of the 40 species, the distributions were found to be sig-
nificantly different (P < 0.05). All of the non-significant
results were in prokaryotes.
Characterizing domain swapping events
For protein pairs in the classes SameContentNotAligned
and DiffContent (i.e., those proteins that share at least
one domain but do not have identical architectures), we
further analysed the presence of the five different types
of domain swapping events described in Figure 1 (seg-
ment duplication/deletion, repetition difference, inser-
tion/deletion of new domains, insertion/deletion of
existing domains, domain shuffling).
The overall averaged results are shown in Figure 6B,
and the per-species details in Additional file 1, Table
S5B. Again, we compare the distributions among these
categories for O versus oPx pairs. For 35 of the 40 spe-
cies, the distributions among the categories repetition
differences, insertion/deletion of new domains and
insertion/deletion of existing domains were found to be
significantly different (P < 0.05) under a c
2 test. (The
numbers of pairs in the other two categories were too
small for the test to be suitable). The non-significant
species were all prokaryotes. Additionally, for two
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Figure 6 A. Distribution of protein pairs across domain
architecture similarity classes. All ortholog and cross-species
paralog pairs in each species were divided into four qualitatively
distinct classes (See Results), that are plotted as averaged fractions
over all species comparisons. B. Distribution of protein pairs
across domain swapping event categories. Protein pairs with
partially preserved domain architecture (classes
SameContentNotAligned and DiffContent in A) were further
characterised in terms of inferred domain swapping events
according to the five categories defined in Figure 1. The chart
shows averages over all species comparisons. Error bars indicate the
standard deviation across species.
Forslund et al. BMC Bioinformatics 2011, 12:326
http://www.biomedcentral.com/1471-2105/12/326
Page 11 of 14prokaryotes where the difference was significant, the
applicability of the c
2 test is questionable because at
least one expected cell count was less than 5. Mainly,
this difference seems to occur in oPx pairs having fewer
repetition differences than O pairs (true in 35 of 40 spe-
cies) and more often undergoing insertion/deletion of
new domains (true in 34 of 40 species).
For both pair types, it is striking how rarely segment
duplication/deletion, domain shuffling, and insertion/
deletion of existing domains is observed. Almost all
architectural differences can be explained by repetition
differences or insertion/deletion of new domains. The
fact that oPx pairs have a higher degree of insertion/
deletion of new domains supports their generally more
relaxed functional constraints.
Position bias of domain architecture change events
As previous work [10,13] has shown that domain archi-
tecture changes preferentially seem to occur (or be
fixated) at protein termini, we investigated whether such
a trend holds true for this dataset as well. The change
events within each orthology cluster were tallied, and
the ratio of each position was taken for each cluster,
then averaged across all clusters. Additional file 1, Table
S6 shows the distribution of events across the N-term-
inal, middle, and C-terminal categories. The results are
basically in agreement with previous studies [10,13]:
terminal events are more common than architecture
changes in the middle of proteins, with some bias
towards the N-terminal end. The same pattern held
across distributions between different pair types.
Discussion
We defined a measure for domain architecture conser-
vation, the DA-score, which together with our use of
Pfam clans for increased sensitivity and collapsing of
repeat/motif-type families, allowed us to compare
degrees of architecture conservation in a functionally
and evolutionarily sensible way. By taking the DA-score
for InParanoid-defined orthologs, we were able to study
in detail the degree of domain architecture conservation
and variance exhibited by orthologous and other
sequence pairs across a wide variety of species.
The central observation we make is that orthologs
d i v e r g em o r es l o w l yi nd o m a i na r c h i t e c t u r et h a np a r a -
logs, relative to their divergence in primary sequence.
This is consistent with higher selective pressure on
orthologs to retain their ancestral domain architecture,
a n dt h a to r t h o l o g sa r er e l a t i v e l ym o r ec o n s e r v e dw i t h
respect to function given that the particular domain
architecture of a protein is required for its function to
be carried out.
These conclusions are clear from the data for protein
pair comparisons involving more distantly separated
homologs, but not for close homologs. Similar observa-
tions were made by Peterson et al. [38] who reported
higher structural similarity between orthologous
domains than between paralogous domains at equivalent
evolutionary separation, but only throughout the range
of 30-70% sequence identity. Since no other strong and
significant trends are present in the graphs, we view the
strikingly higher relative conservation of orthologous
architectures for distantly separated homologs as the
most notable observation. Why do we not observe it for
shorter sequence separation ranges? Some form of
methodological or dataset artifact cannot be ruled out,
but it could also correspond to a genuine biological dif-
ference between processes taking place over different
timescales.
Kondrashov et al. [39] suggested, on the basis of a
large-scale analysis of evolutionary rates in recent para-
logs, that recently duplicated genes may in fact, despite
seeming redundant, contribute to fitness through dosage
effects. Under this model, this fitness benefit would
maintain a duplicated paralog in the population under
weak purifying selection. Once it has diverged suffi-
ciently, mutations shifting its overall function may take
place to fix it. If such functional shifts are associated
with changes in domain architecture, our observations
would match this model well. Initially, duplicated para-
logs resist domain-architecture changing mutations as
retaining the ancestral function still provides increased
relative fitness. As time goes by, sequence changes accu-
mulate such that eventually an architecture changing
mutation results in a novel protein variant which is
more, or at least not less, favored by selection, resulting
in two distinct stages of paralog, but not ortholog,
evolution.
We observe that orthologous sequences detected using
InParanoid share most if not all of their domains. What
are the functional implications of a domain architecture
alteration between orthologs? InParanoid, just like all
other ortholog predictors, uses evolutionary criteria to
assign orthology, and no functional information. The
definition of orthology by Fitch [1] is also purely based
on evolutionary relationships, and does not require that
orthologs have exactly the same function. It may thus
be the case that a fraction of the orthologs detected by
InParanoid have undergone functional changes, and this
fraction is likely to coincide with the orthologs altered
in domain architecture. Unfortunately, the present func-
tional annotation is too coarse to assess whether this is
indeed the case.
Some insight into this issue can be provided by look-
ing at the distributions of DA-scores for different pair
types. In Figure 4 the average DA-scores are shown,
but the distribution in each sequence identity bin is
relatively complex and difficult to represent well using
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and pair types have identical domain architectures
(DA-score = 1.0). This fraction is higher for orthologs,
especially non-duplicated ones, than for paralogs. For
the pairs with a DA-score < 1.0, the trend across pair
types is mostly reversed (see Additional file 5, Figure
S4A); i.e. the mean DA-score of non-identical ortho-
logs is lower than that of non-identical paralogs. It is
not immediately obvious how this surprising observa-
tion should be interpreted. This pattern would be con-
sistent with a scenario where function conservation
(the normal situation between orthologs) dictates com-
plete domain architecture preservation, yet when the
function starts to diverge, the domain architecture
does so too. For paralogs this dichotomy between
identical/non-identical architectures would be less pro-
nounced, as the requirements for function conserva-
tion are weaker.
One concern about the results presented here, is that
InParanoid, like other schemes for systematically finding
orthology relationships, is based on degrees of similarity
between sequences, which might change as the domain
architectures do. As long as InParanoid assignments are
correctly made, there should be no problem. However,
errors in cluster assignments, to the extent that they
occur, are more likely to produce ortholog pairs with
similar architectures and paralog pairs with dissimilar
architectures, than the reverse. This risk for bias applies
equally to any sequence- or structure-based method for
orthology assignment, which includes all methods that
could conceivably be used for a large-scale analysis of
domain architecture evolution under orthology versus
paralogy. In the absence of ways to evaluate the extent
to which this factor impacts the result, it should be
noted as a potential error source. However, to the extent
that InParanoid itself is reliable, it should not strongly
affect the outcome of this study.
We noted that both average sequence divergence and
domain architecture conservation change noticeably as
we cross the vertebrate-invertebrate border. This might
be interpreted either as a consequence of high evolu-
tionary rates early in the vertebrate lineage, a bottleneck
effect where most sibling species of the early inverte-
brates did not survive, or an artifactual bias in the set of
fully sequenced genomes available at this time. Another
interesting option might be rapid evolution following
two consecutive whole-genome duplication events,
which have been inferred to have taken place early in
the vertebrate lineage [34]. Given that we consider as
many as 40 species, we feel confident that this phenom-
enon is biologically relevant rather than an artifact of
the dataset.
Conclusions
This study has employed large scale data analysis to
investigate the hypothesis that orthologs have a higher
level of domain architecture conservation relative to
their evolutionary divergence than other homologs.
Strong support for this proposition was found, at least
for protein pairs that have diverged beyond a certain
point. We conclude that it is possible to infer that
orthology is accompanied by a selective pressure to
retain domain architecture, and that the specific order
of domains seems to be important to the function car-
ried out by a set of orthologous proteins. Further work
should address the lack of this trend for recently
diverged homologs.
Additional material
Additional file 1: Supplementary tables. This file contains the
following tables: Table S1: This table shows the full selection of species,
as well as how many clusters and proteins were included in each species
comparison analysis. Table S2: This table shows the fraction of ortholog
pairs from clusters with and without duplications, respectively, that have
identical domain architectures. Table S3: Bin borders, averages, number of
clusters falling into each bin, and permutation test P values underlying
Figure 5A-C. Note that these P-values should be measured against a
Bonferroni-corrected threshold, so for p < 0.05 and N = 10 samples,
significance requires that the value in the cell is smaller than 0.005. Table
S4: Spread of distinct architectures across clusters. Table S5: A.
Distribution of protein pairs across domain architecture similarity classes
in the various species comparisons. B. Distribution of protein pairs where
architectures differed across domain architecture change event classes in
the various species comparisons. Table S6: This table shows the
distribution of domain architecture change events across the N-terminal,
middle, and C-terminal domain position categories.
Additional file 2: Supplementary Figure S1A-C. This file contains the
following figure: Figure S1. A. Domain architecture conservation across all
species averaged within ranges (bins) of sequence divergence, for pairs
of orthologs versus closest cross-species outparalogs. The scores for each
pair category were first averaged within each cluster so that each cluster
contributes equally to the average scores regardless of size. Error bars
show the standard error of the means for each pair category. The
triangle markers indicate significant difference between the category
means within each bin. In these plots, the data was divided into 10 bins.
B. The same analysis for inparalogs versus same-species outparalogs. C.
The same analysis for orthologs versus inparalogs.
Additional file 3: Supplementary Figure S2A-C. This file contains the
following figure: Figure S2A-C. Same as S Additional file 2, Figure S1A-C
but with 20 bins.
Additional file 4: Supplementary Figure S3A-C. This file contains the
following figure: Figure S3A-C. Same as Additional file 2, Figure S1A-C but
with 100 bins.
Additional file 5: Supplementary Figure S4A-C. This file contains the
following figure: Figure S4A-C. Same as Figure 5A-C but excluding clusters
where all pairs have a DA-score of 1.0, to specifically consider clusters
where architectures are not perfectly conserved.
Acknowledgments and Funding
ES and KF were funded by the Department of Biochemistry and Biophysics
at Stockholm University. IP participated in the project as a master’s student.
Forslund et al. BMC Bioinformatics 2011, 12:326
http://www.biomedcentral.com/1471-2105/12/326
Page 13 of 14Author details
1Stockholm Bioinformatics Centre, Science for Life Laboratory, Box 1031,
Solna, 17121 Sweden.
2Department of Biochemistry and Biophysics,
Stockholm University.
3Swedish eScience Research Center.
Authors’ contributions
ES conceived the study and developed the DA-score together with IP. IP
wrote most of the underlying software and performed some initial analysis.
KF introduced the sequence divergence compensation procedure, carried
out the main analysis, and performed all statistical tests. KF and ES wrote the
manuscript. All authors read and approved the final manuscript.
Received: 8 July 2011 Accepted: 5 August 2011
Published: 5 August 2011
References
1. Fitch WM: Distinguishing homologous from analogous proteins. Syst Zool
1970, 19:99-113.
2. Remm M, Storm CEV, Sonnhammer ELL: Automatic Clustering of
Orthologs and In-paralogs from Pairwise Species Comparisons. JMB 2001,
314:1041-1052.
3. Sonnhammer ELL, Koonin EV: Orthology, paralogy and proposed
classification for paralog subtypes. Trends Genet 2002, 18:619-620.
4. Koonin EV: Orthologs, Paralogs and Evolutionary Genomics. Annu Rev
Genet 2005, 39:309-338.
5. Gabaldón T, Dessimoz C, Huxley-Jones J, Vilella AJ, Sonnhammer EL,
Lewis S: Joining forces in the quest for orthologs. Genome Biol 2009,
10(9):403.
6. Dolinski K, Botstein D: Orthology and Functional Conservation in
Eukaryotes. Annu Rev Genet 2007, 41:465-507.
7. Studer RA, Robinson-Rechavi M: How confident can we be that orthologs
are similar, but paralogs differ? Trends in Genetics 2009, 25(5):210-216.
8. Sonnhammer ELL, Eddy SR, Birney E, Bateman A, Durbin R: Pfam: multiple
sequence alignments and HMM-profiles of protein domains. Nucleic Acids
Res 1998, 26:320-322.
9. Finn RD, Mistry J, Tate J, Coggill P, Heger A, Pollington JE, Gavin OL,
Gunasekaran P, Ceric G, Forslund K, Holm L, Sonnhammer ELL, Eddy SR,
Bateman A: The Pfam protein families database. Nucleic Acids Res 2010, ,
38 Database: D211-D222.
10. Björklund ÅK, Ekman D, Light S, Frey-Skött J, Elofsson A: Domain
Rearrangements in Protein Evolution. J Mol Biol 2005, 353:911-923.
11. Vogel C, Teichmann SA, Pereira-Leal J: The Relationship Between Domain
Duplication and Recombination. JMB 2005, 346(1):355-365.
12. Björklund ÅK, Ekman D, Elofsson A: Expansion of Protein Domain Repeats.
PloS Comput Biol 2006, 2(8):114.
13. Buljan M, Bateman A: The evolution of protein domain families. Biochem
Soc Transactions 2009, 37:751-755.
14. Hegyi H, Gerstein M: Annotation Transfer for Genomics: Measuring
Functional Divergence in Multi-Domain Proteins. Genome Res 2001,
11:1632-1640.
15. Hayete B, Bienkowska JR: GOTrees: Predicting GO Associations from
Protein Domain Composition Using Decision Trees. Pacific Symposium on
Biocomputing 2005, 140-151.
16. Mulder NJ, Apweiler R, Attwood TK, Bairoch A, Bateman A, Binns D, Bork P,
Buillard V, Cerutti L, Copley R, Courcelle E, Das U, Daugherty L, Dibley M,
Finn R, Fleischmann W, Gough J, Haft D, Hulo N, Hunter S, Kahn D,
Kanapin A, Kejariwal A, Labarga A, Langendijk-Genevaux PS, Lonsdale D,
Lopez R, Letunic I, Madera M, Maslen J, McAnulla C, McDowall J, Mistry J,
Mitchell A, Nikolskaya AN, Orchard S, Orengo C, Petryszak R, Selengut JD,
Sigrist CJ, Thomas PD, Valentin F, Wilson D, Wu CH, Yeats C: New
developments in the InterPro database. Nucleic Acids Res 2007, , 35
Database: D224-228.
17. Forslund K, Sonnhammer ELL: Predicting protein function from domain
content. Bioinformatics 2009, 24(15):1681-1687.
18. Lin K, Zhu L, Zhang DY: An initial strategy for comparing proteins at the
domain architecture level. Bioinformatics 2006, 22(17):2081-2086.
19. Tatusov RL, Galperin MY, Natale DA, Koonin EV: The COG database: a tool
for genome-scale analysis of protein functions and evolution. Nucleic
Acids Res 2000, 28(1):33-36.
20. Song N, Sedgewick RD, Durand D: Domain Architecture Comparison for
Multidomain Homology Identification. Journal of Computational Biology
2007, 14(4):496-516.
21. Ostlund G, Schmitt T, Forslund K, Köstler T, Messina DN, Roopra S, Frings O,
Sonnhammer ELL: InParanoid 7: new algorithms and tools for eukaryotic
orthology analysis. Nucleic Acids Res 2010, , 38 Database: D196-203.
22. Berglund AC, Sjolund E, Ostlund G, Sonnhammer ELL: InParanoid 6:
eukaryotic ortholog clusters with inparalogs. Nucleic Acids Res 2008, 36:
D263-266.
23. Janssen P, Enright AJ, Audit B, Cases I, Goldovsky L, Harte N, Kunin V,
Ouzounis CA: COmplete GENome Tracking (COGENT): a flexible data
environment for computational genomics. Bioinformatics 2003,
19(11):1451-1452.
24. Eddy SR: A probabilistic model of local sequence alignment that
simplifies statistical significance estimation. PLoS Comput Biol 2008, 4(5):
e1000069.
25. Forslund K, Henricson A, Hollich V, Sonnhammer EL: Domain tree-based
analysis of protein architecture evolution. Mol Biol Evol 2008,
25(2):254-264.
26. Needleman SB, Wunsch CD: A general method applicable to the search
for similarities in the amino acid sequence of two proteins. J Mol Biol
1970, 48:443-453.
27. Lassmann T, Sonnhammer EL: Kalign–an accurate and fast multiple
sequence alignment algorithm. BMC Bioinformatics 2005, 6:298.
28. Jukes TH, Cantor CR: Evolution of protein molecules. In Mammalian
protein metabolism. Edited by: Munro HN. New York: Academic Press;
1969:21-123.
29. Nichols TE, Holmes AP: Nonparametric Permutation Tests For Functional
Neuroimaging: A Primer with Examples. Human Brain Mapping 2001,
15(1):1-25.
30. Weisstein EW: Bonferroni Correction. From MathWorld–A Wolfram Web
Resource 1999 [http://mathworld.wolfram.com/BonferroniCorrection.html].
31. Weisstein EW: Chi-Squared Test. From MathWorld–A Wolfram Web Resource
1999 [http://mathworld.wolfram.com/Chi-SquaredTest.html].
32. Ohno S: Evolution by gene duplication. New York: Springer; 1970.
33. Lynch M, Force A: The probability of duplicate gene preservation by
subfunctionalization. Genetics 2000, 154(1):459-473.
34. Dehal P, Boore JL: Two Rounds of Whole Genome Duplication in the
Ancestral Vertebrate. PLoS Biol 2005, 3(10):e314.
35. Ekman D, Björklund ÅK, Frey-Skött J, Elofsson A: Multi-domain Proteins in
the Three Kingdoms of Life: Orphan Domains and Other Unassigned
Regions. J Mol Biol 2005, 348:231-243.
36. Altschul SF, Gish W, Miller W, Myers EW, Lipman DJ: Basic local alignment
search tool. J Mol Biol 1990, 215:403-410.
37. Alexeyenko A, Lindberg J, Perez-Bercoff A, Sonnhammer ELL: Overview and
comparison of ortholog databases. Drug Discovery Today: Technologies
2006, 3:137-143.
38. Peterson ME, Chen F, Saven JG, Roos DS, Babbitt PC, Sali A: Evolutionary
constraints on structural similarity in orthologs and paralogs. Protein Sci
2009, 18(6):1306-1315.
39. Kondrashov FA, Rogozin IB, Wolf YI, Koonin EV: Selection in the evolution
of gene duplications. Genome Biol 2002, 3(2).
doi:10.1186/1471-2105-12-326
Cite this article as: Forslund et al.: Domain architecture conservation in
orthologs. BMC Bioinformatics 2011 12:326.
Forslund et al. BMC Bioinformatics 2011, 12:326
http://www.biomedcentral.com/1471-2105/12/326
Page 14 of 14